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Tém tit: Cdc trang web héi ddp cong dong c6 chiva mot lwong om thong tin héi - ddp cé gid tri sinh ra
boi nhitng nguoi sir dung. Trong cdc trang web héi dap cong dong, nguoi ding cé thé giri cdc cdu héi, tra 10
cde cdu héi ciia nguoi khdc va cung cdp thong tin phdan hoi cho nhitng cdu héi/cdu tra 1oi. Trong nghién civu nay
chiing t6i sit dung tiép cdn hoc mdy nham tim kiém nhitng cdu héi cé y nghia tir cdc trang web héi dap cong
dong. Nhitng cdu héi nay cing voi cdc cdu trd 16i tot nhdt cia ching sé la nguon dir liéu quan trong cho xdy
dung co s6 tri thikc, truy hoi théng tin va héi dap non - factiod. Nghién ciru thire hién trich rit nhitng ddc trung
quan trong tir méi luong hoi - dap ciing nhw théng tin ciia nguoi sir dung va xay dung mé hinh phdn loai dé xdc
dinh dwoc nhitng cdau hoi co y nghia. Cac thuc nghiém dwoc xay dung trén tdp dir liéu trich rut ti trang web hoi
dap cong dong Yahoo! Answer da chi ra tinh hiéu qud ciia phwong phép dé xudt ciia chiing toi.

Tir khéa: Hoi dip cong dong, hoi dap tw déng, phan logi, support vector machine.

1. Téng quan

Trong linh vuc xir Iy ngdn ngit tu nhién va truy xuat théng tin, van dé hoi - dap da thu
hat nhiéu sy cht ¥ trong nhitng nim qua. Tuy nhién, cac nghién ctru vé hoi - dap cha yéu tap
trung vao viéc tim cau tra 161 chinh xac cho cau hoi factoid duogc trich rat tir cac tai liéu lién
quan. Danh gia ndi tiéng nhat vé nhiém vu héi - dap factoid 1a hi nghi truy hdi viin ban (Text
REtrieval Conference-TREC™). Céc cau hoi va cu tra 10 duge phat hinh boi TREC da tré
thanh ngudn dir liu quan trong cho cac nha nghién ciru trong viéc nghién ctru xay dung céac
hé théng hoi dap tu dong [10]. Tuy nhién, khi phai d6i mat voi cac cau hoi non - factoid nhu
cac cau hoi vé 1y do tai sao, nhu thé ndo,... hau nhu khong c6 hé théng héi dap tu dong nao
lam vi¢c hi€u qua. D@)ng thoi chi phi cia viée xay dung dir li€u huén luyén véi céc cau hoi
non - factoid 1a qua cao. Trong cac hé thong niy, chi phi cia viéc xay dung dir liéu 16n nhung
sau do no chi lam viéc trong mot mién cu thé. Do d6 viéc trich rut céac tri thirc tir nguén tai
nguyén mo (thuong 1a tir Internet) 1a mot hudng tiép can thich hop cho xay dung cac hé thong
héi dap tu dong mién mo.

Céc trang web hoi dap cong dong (community Question Answering - CQA) c¢6 chira mot
lwong 16n ngudn tai nguyén phong phu la thong tin hoi - dap sinh ra boi nhitng ngudi st dung.
Trich rit cac cdp ciu hdi-cau trd 161 cd y nghia 1a nhiém vu quan trong cho xay dung co sé tri
thirc, truy hoi thong tin va hoi dap non-factiod. Tuy nhién cac cip cau hoi-cau tra 101 trong cac
CQA nay thudng rat nhidu, ca trong cau hoi va cac cau tra 1oi.

Do d6 trude khi str dung, cic cip cau hoi - cau tra 101 ndy can phai duoc phan loai. Viéc
phan loai nay giap nguoi dung xay dung dugc kho dit liéu la cac cap cau hoi - cau trd 101 co y
nghia. Nhom téc gia da tim hiéu vé cac nghién ctru lién quan va thay rang cac nghién ciru
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trudc day thuong chi tap trung vao viée tim kiém céu tra 16i tot nhat cho mdi cau hoi [2, 6, 9].
Tuy nhién, nghién ctru nay sir dung tiép cdn hoc may nham tim kiém cac cdu hoi c6 y nghia tir
cac dir liéu hoi dap thu thap tir cac cQA. Pé tim kiém duoc cac cau hoi co ¥ nghia tir cac
cQA, bai bao nay dé xuat sir dung su két hop cua nhiéu loai dic trung quan trong trich rat tir
mdi ludng hoi dap ciing nhu thong tin cia ngudi guri cau hoi/cau tra 101 va xay dung mé hinh
phan loai dé xac dinh dugc cac cau hoi co ¥ nghia.

Bai bao ndy dugc to chirc nhu sau: Phan 2 trinh bay vé tiép can ctia nhom tac gia trong
viéc giai quyét bai toan; Phan 3 trinh bay vé cac dic trung duoc st dung; Phan 4 1a cac thuc
nghiém va cac két qua nghién ctru; Két luan va hudng phat trién dugc trinh bay trong Phan 5.

2. Cdch tiép cdn cua chiing téi vé tim kiém cdu héi ¢d y nghia

2.1. Bai todn tim kiém cAu héi cd y nghia

Viéc tim kiém nhitng cau hoi c6 ¥ nghia tir cac cQA 13 nhim xay dung dugc cac cau hoi
c6 ¥ nghia trong mot tap rat 1on cac ludng hoi - dap. Vi vy, nghién ctru nay coi van dé tim
kiém cac cau hoi cé ¥ nghia tir cac cQA nhu 13 mdt vin dé phan loai nhi phan va duoc phat
biéu nhu sau:

Cho mdt tap Q = {q1, G2, ..., qn} cic cau hoi trich rat tir cac ludng hoi - dap trén cac
cQA. Viéc phan loai cac cau hoi trong Q chinh la gan nhan cho cac cau hoi {q1, 02, ..., qn}
cac nhén tuong tmg 13 {11, l2, ..., In} trong d6 Ij = “Good” néu qj 1a cAu hoi co ¥ nghia, 1j =

“Bad” néu qj khong phai 1a mot cau hoi cé ¥ nghia.

2.2. Thuat todn phan loai cau hoi

C6 nhiéu bd phan loai khic nhau da dugc st dung dé phan loai cac dir li¢u van ban nhu:
Support Vector Machine, Naive Bayes, Maximum Entropy Models, Sparse Network of
Winnows,... Tuy nhién trong cac bd phan loai d6 thi Support Vector Machine dugc xem la
hiéu qud hon ca [1, 3, 4]. Trong van dé phan loai cau hoi, mdi cau hoi duoc coi nhu 1a mot
vin ban ngin va duoc biéu dién trong mé hinh khong gian vecto c¢6 sb chiéu rat 16n, diéu nay
c6 thé dugc phan loai tot bai Support Vector Machine.

Tuy nhién, dit liéu trong nghién ctru nay 1a cac dir li¢u thu thap tir cac cQA, céc dir li¢u
chua dugc gan nhan. Vi vay, thuit toan phan loai ban giam sat SVM (semi-supervised
Support Vector Machines) da duoc stir dung, day la thuat toan phan loai ban giam sat dugc xay
dung tur thudt toan phan loai c6 giam sat Support Vector Machine.

Trong semi-supervised Support Vector Machines, tap dit liéu hudn luyén gém hai phan, x Ia

phin dit liéu huan luyén gdm n dit ligu da dugc gan nhan layi (yi e {+1, -1} ) va x* Ia phan

dit liu hun luyén gdm k dit liéu chua duoc gannhan  y;(yje {+1,-1}). Muc dich cta thuat
toan semi-supervised Support Vector Machines 1a gan nhan cho k dir liéu chua gan nhan nay.
Moi dir liéu dugc xem nhu mét diém trong khong gian vecto. Mdi diém i thudc phan dir liéu

da gan nhan c6 mot sai sO 1a & va moi diém j thudc phan dir liéu chua gan nhan s€ ¢ sai so0 la
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*

&i. Thuét toan semi-supervised Support Vector Machines s€ giai bai toan t6i wru sau thay cho
bai toan toi vu ¢ thuat toan SVM.
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Trong do C va C” Ia cac tham sb phat cua cac dir liéu da gan nhan va cac dir liéu chua
gan nhén.
Nghién ctru nay st dung thuat toan semi-supervised Support Vector Machines da dugc
cai dat boi Vikas Sindhwani va cac tac gia trinh bay trong [7, 8].(2)

2.3. Hiéu suft trong phan loai ciu hoi

Pé danh gia hi¢u suit cua viéc phan loai cac cau hoi, ching t61 st dung cac d§ do
precision, recall, F1-measure, accuracy dugc dinh nghia nhu duéi day. Bé udc luong cac do
do nay co thé dya vao Bang 1.

Bing 1. Cac két qua du doan ctia phéan loai

Label Label

y*=+1 y*=-1
Prediction f(x*) = +1 TP FP
Prediction f(x*) = -1 FN TN

Mbi 6 trong bang dai dién cho mot trong bbn két qua dau ra c6 thé cia mot du doan
f(x*). Trong d6:

TP (True Positive): S6 luong cac ciu hoi positive duoc phan loai ding.

TN (True Negative): S6 luong cac cau hoi negative dugc phan loai dung.

FP (False Positive): S6 luong cac cau hoi positive bi phan loai sai.

FN (False Negative): S6 lwong cac cau hoi negative bi phan loai sai.

Precision dugc dinh nghia nhu 1a xac sudt ma mot dit liéu phan loai la f(x*) =+1 1a mot
phan loai dang. N6 dugc udc lugng nhu sau:

@ http://vikas.sindhwani.org/svmlin.html
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Precision p =TpT+% (2)

Recall duoc dinh nghia nhu 14 xac suat ma mot dit liéu véi nhén 1a y* = +1 da dugc
phan loai dung, dugc uéc lugng nhu sau:

TP
Recall r =5 EN 3)
- ez
F measure (4)
P+
TP +TN
ACCUTaCY = 15 Eb 4+ Tny EN ®)

3. Cac ddc traing trong phdn logi cdu héi

Trong phan loai cau hoi trich rut tir cac cQA, tap cac dac trung khac nhau cé thé dugc
str dung. Cac dic trung trong phan loai cau hoi c6 thé dugc phan thanh 3 loai khac nhau: Cac
dic trung vé tir vung, cac dic trung vé ch phdp va cac dic trung dua trén thong tin nguoi
dung (nguoi glri cau hoi/cau tra 101, nguodi danh gia cau tra 1di). Mdi cAu hoi trong cac cQA
gdm 2 phan: Chu dé hoi (QSubject) va phin mé ta ngin ndi dung cau hoi (QContent). Phan
cht dé hoi va phan mé ta ndi dung cau hoi duoc coi nhu 1a mot cau hoi duy nhat gdbm nhiéu
cau [5]. Bang 2 1a mot vi du vé cau hoi trong cQA Yahoo!Answer.

Biang 2. Vi du vé cAu héi trong trang web cQA Yahoo!Answer

Chu d¢ hoi hoi Noi dung cau hoi
Body massage  |Hi there, i can see a lot of massage center here, but i dont know

which one is better. can someone help me which massage center
is good... and how much will it cost me? thanks

3.1. Cac dac trung tlr vung

Dac trung n-gram: Cac ddc trung n-gram ctia mot cau héi thuong dugce trich rat dua
trén ngir canh ciia cac tir ciia cAu hoi, nghia 13, cac tir d6 xuat hién trong mot cau hoi. Trong
phan loai cau héi, mot cau hoi dugc biéu dién giéng nhu sy biéu dién tai lidu trong md hinh
khong gian vecto. Mot cau hoi X ¢6 thé duge biéu dién nhu sau:

X = X1, X2,..., XN (6)
trong d6 Xj 1a tan s xudt hién cua tir i trong cau hoi x va N 1 tong s cac tir trong x. Do tinh
thua thét cua cac dac trung, chi cac ddc trung c6 gia tri khac khong méi duge giilr lai trong véc
to dac trung. Boi vay cac cau hoi ciing duoc biéu dién dudi hinh thirc sau:

x ={(t1, f1),..., (tp, fp)} (7)
trong d6 tj 1a tir thir i trong cAu hoi x Va fi 1 tan sé xuét hién cia tj trong cau hoi x. Khdng gian
dac trung nay duoc goi la cac dac trung bag-of-words hoac la unigrams. Unigrams la mot
truong hop dic biét cta cach goi cac dic trung n-gram. Dé trich rit cac ddc trung n-gram, bat
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ki n ttr nao lién tiép trong mot cau hoi déu duoc coi 12 mot dic trung. Bang 3 1a danh sach céc
dac trung n-gram cua cau hoi “How many Grammys did Michael Jackson win in 19837?”.

Bang 3. Vi du vé cac diic troyng tir virng

Tén dac trung bic trung

Unigram {(How, 1) (many, 1) (Grammys, 1) (did, 1) (Michael, 1) (Jackson, 1) (win, 1) (in, 1)
(1983, 1) (?, 1)}

Bigram {(How-many, 1) (many-Grammys, 1) (Grammys-did, 1) (did-Michael, 1) (Michael-
Jackson, 1) ...(1983-?, 1)}

Trigram {(How-many-Grammys, 1) (many-Grammys-did, 1) ...(in-1983-?, 1)}

S6 tir trong cdu hoi: Trong phan loai cau hoi, nghién ctru ciing sir dung sé tir cia mdi
cau hoi nhu 1a mét dac trung dé phan loai. Dt li¢u thyc té trong cac cQA cho théy ring nhirng
cau hoi chira it hon 5 tir thuong 13 nhitng cau héi nhidu, khong mang ¥ nghia.

S6 cdu (sentence) trong cdu héi: Mdi cau hoi trong cQA thudng 1a mot doan vin ban
ngin gébm nhiéu cau trinh bay nhitng thong tin ma nguoi giri cdu hoi mudn hoi. Nghién ctru
nay st dung s cau trong mdi cau hoi nhur 13 mot dic trung dung dé phan loai. Nhirng ciu hoi
gdm nhiéu cau thuong mang thong tin day du cta cdu hoi, tuy nhién no lai chira nhiéu thong
tin nhiéu khé phan loai.

S6 lwong stop word trong cdu héi: Stop word 1a nhitng tir qua phd bién, qua chung
chung (vi du mot s stop word trong tiéng Anh: The, a, and, ...). Mdi cau hoi ciia ngudi ding
thuong chira cac tir stop word. S6 lwong céc tir stop word trong mdi cau hoi dugce sir dung 1a
mot dic trung dung dé phén loai cau hoi.

Tir @é héi: Nghién ctru str dung tir d& hoi (tir & hoi 1a mot trong cac tir: What, Who,
When, Why, Where, How) nhu 1a mét dac trung dung dé phan loai cau hoi.

3.2. Cac dac trung cu phap

Céc dic trung ci phap c6 thé duoc trich rat dwa vao viée phan tich cdu tric ¢ phap cia
cau hoi.

Tagged Unigrams: Tagged Unigrams cho biét thé tir loai cia mdi tir trong cau hoi nhu
NN (Noun - danh tir), NP (Noun Phrase - cum danh tir), VP (Verb Phrase - cum dong tur), JJ
(adjective - tinh tur), ... Vi du cau hoi sau “How many Grammys did Michael Jackson win in
1983?” v4i Tagged Unigrams cua no:

How_WRB many_JJ Grammys_NNPS did_VBD Michael _NNP Jackson_NNP
win_VBP in_IN 1983_CD?_.

S6 thuee thé trong cdu héi: S6 lwong thuc thé trong mdi cau hoi duoc stir dung nhu 1a mot
dic trung ct phap dé phén loai cau hoi.

S6 danh tir trong cdu héi: Nghién ctru sir dung s6 luong cc danh tir trong mdi cau hoi
nhur 1a mot déc trung ca phap ding dé phan loai cau hoi.
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3.3. Cac dac trung dua trén thong tin nguoi dung

S6 cdu hoéi ciia nguoi héi: Trén mdi cQA, mdi nguoi cé thé giri nhiéu cau hoi ma ho can
su giai dap cta cong dong nguoi s dung cQA. Nhitng ngudi thuong xuyén gui cu hoi thi
céc cau hoi cta ho thudng mang nhiéu ¥ nghia hon cho cong dong. Do do, nghién ciru nay st
dung sb lwong cau hoi ciia ngudi hoi nhu 1 mot dic trung trong viée giai quyét bai toan phan
loai cau hoi.

S6 cdu tra loi cuia nguweoi hoi: Nhirng ngudi thudong xuyén tham gia hoi dap trén cQA thi
thudng nhitng cau hoi cling nhu cau tra 16i cia ho s& mang nhiéu y nghia hon. Vi vy, nghién
ctru ndy dé xuat sir dung sb lugng cau tra 101 cia nguoi hoi nhu 1a mot dic trung dung dé phan
loai cau hoi.

S6 cdu trd 161 ciia cdu héi: Mbi cau hoi khi duge ding 1én cQA c6 thé nhan dugc nhiéu
cdu tra 101 ctia nhitng ngudi quan tam. SO Iwgng cau tra 161 cho cau hoi ndy thé hién su quan
tam cua ngudi dung d6i voi cac van dé ma cau hoi dang dé cap tdi. Vi vy, nghién ciru sir
dung ) lwgng cau tra 1oi cia mdi cau hoi nhu 1a mot dic trung nham danh gia tam quan trong
cua cau hoi.

S6 lwong déanh gid cho cdu tra 10i tot nhat ciia cdu héi: Khi mot cau hoi duge dang 1én
c¢6 thé nhan dugc nhiéu cau tra 101 ciia ngudi dung. Ngudi dung cling ¢6 quyén danh gia cau
tra 161 ndo d6 1a cau tra 16i t6t nhat. Mot cau hoi ma cau tra 161 cta né nhan duge nhiéu danh
gi4 thi thuong 1a mot cau hoi ¢o nhiéu ¥ nghia. Vi vdy, nghién ctru st dung sb lugng danh gia
cua cau tra 101 nhu la mét dac trung dé phan loai cau hoi ctia nd.

4. Cdc thuc nghiém va két qua

4.1. Tap dit liéu

Dé thuc hién cac thuc nghiém cua minh, nghién ctru da thu thap dir liu tir trang web hdi
dap cong dong Yahoo! Answer®). Tap dir liéu nay chtra 3.000 cau hoi cung véi 9.895 cau tra
101 va cac thong tin lién quan dén cau hoi/cau tra 10i va thong tin vé ngudi guri cau hoi - cAu
tra 101, TAt ca cac cap cau hoi-cau tra 101 déu dugc trinh bay bang ngdn ngir tiéng Anh.

4.2. Cac thuc nghiém va két qua

Dé cai dit cac thuc nghiém cua minh, nghién ctru chia tap dir li¢u thanh hai tap con test
va training. Tép test gdm 300 cdu hoi duoc sir dung lam tap dir liéu kiém tra, tap training gdm
2700 cau hoi duoc sir dung 1am tap dir liéu huan luyén.

4.2.1. Thuc nghiém 1

Thyce nghiém 1 chi st dung cac ddc trung tur vung trich rit tir cac cau hoi trong tap dir
liéu. Cac didc trung nay gom: Pic trung Unigram, Bigram, sb tir trong cau hoi, sb sentence
trong cau hoi, s6 luong stop word trong cau hoi, tir d& hoi. Cac két qua cua thuc nghiém 1
dugc trinh bay trong Béang 4.
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Bang 4. Két qua phan loai khi sir dung céc dic trojng tir ving

Tén dac trung Accuracy (%) | Precision (%) |Recall (%) | F1-measure (%)
Unigram 54,67 57,05 56,33 56,69
Bigram 46,00 48,75 49,37 49,06
Sé tir trong cau hoi 50,00 52,25 58,86 55,36
S cau trong cau hoi 46,57 49,45 56,96 52,94
S luong stop word 49,67 52,02 56,96 54,38
Tir dé hoi 47,33 22,95 50,00 34,17
Tét ca dic trung trén 55,33 61,39 57,06 59,14

4.2.2. Thuc nghiém 2

Thyc nghiém 2 chi st dung cac dac trung cu phap trich rut tir cac cau hoi trong tap dir

lidu. Cac dic trung nay gdm: Pic trung Tagged Unigrams, s6 thuc thé trong cau hoi, sé danh

tir trong cdu hoi. Cac két qua cua thuce nghiém 2 duoc trinh bay trong Bang 5.

Bang 5. Két qué phan loai khi sir dung cac dic trojng ci phap

Tén dac trung Accuracy (%) | Precision (%) | Recall (%) [ Fi-measure (%)
Tagged Unigrams 53,00 55,63 53,16 54,37
S thuc thé trong cau hoi 50,33 52,26 65,82 58,26
S6 danh tir trong cau hdi 50,00 52,33 56,96 54,55
Tat ca dic trung trén 55,67 58,74 53,16 55,81

4.2.3. Thuc nghiém 3

Thyuc nghiém 3 ching to1 mudn kiém tra tinh hiéu qua cua cac dac trung tinh toan dua

vao thong tin cua nguoi dung. Cac dic trung nay gdm: so cau hoi cua nguoi hdi, sO cau tra 101

ciia nguoi hoi, sO cau tra 101 cia cau hdi, s6 lugng danh gia cho cau trd 161 tot nhat ctiia cau

hoi. Cac két qua ciia thuc nghiém 3 duoc cho trong Bang 6.
Biang 6. Két qua phén loai khi sir dung cdc dic trojng dua trén thong tin ngojoi ding
Ten dic trun Accuracy | Precision | Recall | F1-measure

e me ) | e | ®) (%)
S6 cau hoi ciia ngudi hoi 71,00 72,33 72,78 72,55
So-eau-tratotetangaothot 49,67 68,42 8,23 14,69
So-eau-tratotetaeathot 79,60 96,12 62,66 7586
S luong danh gia cho cau tra 1oi tot nhét cta cau hoi 89,67 91,13 89,44 90,28
Tat ca dic trung trén 90,67 92,41 90,12 91,25
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4.2.4. Thuc nghiém 4

Thyc nghi¢m 4 kiém tra su dong gop cua tat ca cac loai dic trung: Pac trung tor vung,

dic trung ct phap va dic trung dya trén thong tin nguoi dung. Chinh vi vay nghién ctru két

hop tat ca cac loai dic trung ndy trong viéc phan loai cau hoi. Cac két qua cua thuc nghiém 4

duogc trinh bay trong Bang 7.

Bing 7. Két qua phan loai khi sir dung sw két hop ciia nhiéu loai dic trojng

Tén dic trung Accuracy | Precision | Recall | F1-measure
(%) (%) (%) (%)
Cac dac trung tir vung 55,33 61,39 57,06 59,14
Céc dic trung cl phap 55,67 58,74 | 53,16 55,81
Cac dac trung dua trén thong tin nguoi dung 90,67 92,41 90,12 91,25
Tét ca dic trung trén 91,67 93,67 90,79 92,21

Tt cac két qua cua cac thuc nghiém trén da cho thay vai tro cua viéc st dung moi loai

dic trung khac nhau trong phan loai cau hoi. Két qua cta cac thuc nghiém 1, 2, 3 cho thiy

viéc phan loai cAu hoi can su két hop cua nhiéu loai dic trung khac nhau. Pong thoi trong cac

thuc nghiém nay ciing cho thiy cac dic trung trich rat tir théng tin ngudi sir dung sé& cho két

qua phan loai cao nhét. Thuc nghiém 4 1a sy téng hop cua cac thuc nghiém 1, 2, 3 khi st dung

két hop tat ca cac dic trung tir vung, ci phap va dic trung trich rat tir thong tin ngudi dung.

Két qua cua thuc nghiém nay cho thiy su két hop cua cac loai dic trung khac nhau ma nghién

ctru sur dung sé€ cho két qua phan loai cao nhat. Biéu do 1 so sanh tam quan trong ctia cac loai

dac trung khac nhau trong phan loai cau hoi trong cac cQA.
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m T4t ca cdc dic trung trén

Biéu d6 1. So sanh vai tro ciia cac loai dic trojng trong phan loai ciu héi
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5. Két luén va haiéng phdt trién

Nghién ctru da trinh bay mét tiép can dua trén hoc may dé phan loai cau hoi trong cac

CQA. Bé huan luyén mdt thuat toan hoc, nhom tac gia da trich rat mot tap cac dic trung tot tir

tlr vung, ca phap va dic trung dua trén thong tin ngudi ding. Cac két qua thuc nghiém da

ching minh rang cac dé xuat s¢ mang lai hiéu qua cao trong van dé tim ki€m céc cau hoicod y

nghia trong cac cQA. Viéc két hop ciia tit ca cac loai dic trung tir vung, ¢l phap va dic trung

dira trén thong tin nguoi dung s& cho hiéu suat phan loai cao nhat. Nghién ctru tiép theo s& tim

ra phuong phap dé két hop céac dac trung tot hon nhiam dat dugc su phan loai c6 do chinh xac

cao hon.
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FINDING MEANINGFUL QUESTIONS FROM COMMUNITY QUESTION
ANSWERING WEBSITES

Nguyen Van Tu, Hoang Thi Lam, Nguyen Thi Thanh
Ha Tay Bac University

Abstract: The community question answering websites contains a large amount of question - answer
information valuable generated by the users. In the community question answering websites, users can post
questions, answer other people's questions, and provide feedbacks to the questions / answers. In this study, we
use machine learning approach in order to find meaningful questions from the community question answering
websites. These questions, along with their best answers will be an important data source for building the
knowledge base, information retrieval and non-factiod question answering. The extracted important features
from each question research - answer thread as well as information of the user and built a classification model
to identify meaningful questions. The experiments are established on dataset extracted from the community
question answering websites Yahoo! The answers have shown the effectiveness of the method proposed by us.

Keywords: Automated question answering, community question answering, classification, support vector
machine.
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